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Abstract

The aim of this study was to investigate the psychometric properties of the
Artificial Intelligence Use Motives Questionnaire among university students.
The present research employed a descriptive method as part of psychometric
studies. The statistical population consisted of all students at the University of
Mohaghegh Ardabili during the 2023-2024 academic year. A sample of 318
participants (187 male and 131 female) was selected using the convenience
sampling method. To collect data, the Artificial Intelligence Use Motives
Questionnaire (Yurt & Kasarci, 2024) and the General Attitudes Towards
Artificial Intelligence Scale (Schepman & Rodway, 2020) were used. To assess
the questionnaire’s reliability, internal consistency (Cronbach’s alpha) was
employed, while criterion validity (concurrent validity) with the General
Attitudes towards Artificial Intelligence Scale and confirmatory factor analysis
(CFA) were used to evaluate its validity. The factor analysis results
demonstrated good model fit, supporting the questionnaire’s validity (CFI =
0.97, NFI = 0.95, NNFI = 0.96, RMSEA = 0.059). Internal consistency
coefficients indicated high reliability, with Cronbach’s alpha values as follows:
0.87 for the expectation factor, 0.86 for the attainment factor, 0.89 for the utility
factor, 0.82 for the intrinsic value/interest factor, and 0.72 for the cost factor.
Thus, the findings suggest that the Artificial Intelligence Use Motives
Questionnaire possesses sufficient validity and reliability for measuring this
construct in Iranian samples.
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Introduction

Technology plays a major role in today’s world. Many jobs that
previously did not require technological skills now depend on them.
More households than ever own computers, and an increasing number
of people are proficient in using them.

Artificial intelligence (Al) represents one of the most transformative
technological advancements in education. As this field continues to
evolve rapidly, Al is fundamentally reshaping how we interact with
information and services (Gokgirselan et al., 2024). In an era where Al
systems demonstrate cognitive capabilities—including learning,
reasoning, and autonomous decision-making—understanding user
preferences for specific Al applications has gained critical importance.
This technology enhances human lives through significant
contributions across multiple domains: healthcare (e.g., early diagnosis;
Becker, 2018), sales services (e.g., virtual assistants; Murphy et al.,
2021), education (e.g., personalized learning tools; Kashive et al.,
2021), and transportation (e.g., autonomous vehicles; Kaye et al.,
2020).

Humans utilize Al for diverse purposes, and several motivational
theories can explain this phenomenon. The uses and gratifications
theory serves as a particularly relevant conceptual framework for
investigating user motivations and need satisfaction through Al
adoption. Katz et al. (1973) proposed that individuals actively engage
with communication technologies to fulfill specific needs and desires,
rather than serving as passive media consumers. This perspective
emphasizes the purposeful, goal-directed nature of technology use.

A prominent framework for understanding human motivation in
artificial intelligence contexts is Expectancy-Value Theory. This
theoretical perspective posits that motivational beliefs stem from two
core components: expectancy (perceived competence) and value
(perceived importance). According to this view, individuals' behavioral
choices, task persistence, and performance outcomes are shaped by
their: (1) beliefs about their likelihood of success in a given activity,
and (2) the subjective value they assign to that activity (Atkinson, 1957,
Eccles et al., 1983; Wigfield, 1994; Wigfield & Eccles, 1992).

The development of an Al usage motivation scale grounded in
Expectancy-Value Theory requires careful examination of task value
dimensions. As identified by Valenzuela et al. (2011), these consist of
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four fundamental sub-dimensions: attainment value (importance of
achievement), utility value (practical usefulness), intrinsic value
(inherent enjoyment), and cost (perceived negative aspects). Each sub-
dimension uniquely contributes to shaping an individual's motivational
orientation toward Al-related tasks.

Given the critical role of modern technologies in education—
particularly for effectively integrating instructional materials with
student learning—it is essential to develop reliable instruments for
assessing learners' motivations to use artificial intelligence. To address
this need, Yurt and Kasarci (2024) developed and validated the
Artificial Intelligence Use Motives Questionnaire. This scale, grounded
in Expectancy-Value Theory, measures five key dimensions: (1)
expectancy beliefs, and (2) four task value components—attainment
value (perceived importance), utility value (practical usefulness),
intrinsic interest (enjoyment), and cost (perceived negative aspects).
The dimensional structure follows this hierarchical order: attainment,
utility, interest, and cost.

As pedagogical approaches continually evolve alongside
technological advancements, and considering the unavoidable adoption
of these technologies within our educational system—combined with
the current absence of validated instruments for assessing Al usage
motivations—this study addresses the critical need for appropriate
measurement tools. Specifically, the research examines the
psychometric properties of the Artificial Intelligence Use Motives
Questionnaire in an Iranian context.

Literature review

Research on technology usage motivations has identified consistent
patterns across platforms. Papacharissi and Rubin (2000) developed an
Internet use motives scale comprising four dimensions: interpersonal
utility, information seeking, convenience, and entertainment. This
framework was supported by Ko et al. (2005), who confirmed
information, convenience, entertainment, and social interaction as core
factors in Internet use. Parallel findings emerged in social media
research: Krause et al. (2014) identified entertainment, connection, and
satisfaction with deviance as primary Facebook usage motives, while
Kwon et al. (2014) found Twitter users followed brands primarily for
incentive seeking, social interactions, brand affinity, and information
gathering.
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Building on situational expectancy-value theory (Eccles & Wigfield,
2023), Wang et al. (2023) investigated how supportive learning
environments and students' expectancy-value beliefs influence Al
learning intentions among university students. Their findings highlight
the significant role of both environmental support systems and positive
expectancy-value appraisals in motivating Al technology engagement.
Complementing these results, Cho et al. (2023) specifically
demonstrated the motivational effects of teacher support when students
interact with Al-based chatbot learning systems.

Furthermore, Salas-Pilko and Young (2022) and Zawacki-Richter et

al. (2019) highlight that comprehensive Al education requires
examining motivational dimensions alongside curriculum content and
technical competencies. Their findings demonstrate that both learning
environments and students' motivational beliefs substantially influence
technological learning aptitudes.

Methodology

The present study was applied in terms of purpose and descriptive in
terms of method, constituting a psychometric investigation of the
Artificial Intelligence Use Motives Questionnaire. The statistical
population included all students at Mohaghegh Ardabili University
during the 2023-2024 academic year (1402-1403), with a sample of 318
participants (131 female, 187 male) selected via convenience sampling.
Data were collected using two instruments: the Artificial Intelligence
Use Motives Questionnaire and the General Attitude Scale toward
Artificial Intelligence. Analyses were performed in SPSS 27
(descriptive statistics, Cronbach’s alpha for internal consistency, and
subscale correlations) and LISREL 8.8 (confirmatory factor analysis).

Discussion and Conclusion

The present study investigated the psychometric properties of the
Artificial Intelligence Use Motives Questionnaire among Iranian
students. Findings confirmed the questionnaire's strong psychometric
properties in this population. Reliability was examined through internal
consistency coefficients, with results demonstrating good reliability -
consistent with Yurt and Kasarci's (2024) findings. Validity was
assessed using both criterion validity and confirmatory factor analysis
(CFA). CFA results indicated excellent fit for the measurement model.
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Furthermore, criterion validity analysis revealed significant
relationships  between  questionnaire  dimensions and both
positive/negative attitudes toward Al, confirming the instrument's
robust criterion validity.
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